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Abstract 
Purpose: This study aimed to systematically review the role of generative artificial intelligence (AI) 
in transforming organizational knowledge management and to propose an integrated framework 
based on an analysis of published literature. 

Methodology: This study was conducted as a systematic review with qualitative content analysis of 
articles published in reputable databases between 2018 and 2024. The search was performed 
following the PRISMA protocol using standardized keywords. From an initial pool of 257 studies, 72 
relevant articles were selected based on inclusion and exclusion criteria and underwent a multi-stage 
analytical process. 

Findings: Data analysis revealed that generative AI has the potential to transform organizational 
knowledge management through four key mechanisms: (1) automated knowledge generation, (2) 
intelligent knowledge sharing, (3) extraction of tacit knowledge, and (4) personalization of knowledge 
processes. The most significant identified challenges fell into three categories: (a) technical and 
validation issues (e.g., model hallucination, low accuracy, and the black-box problem), (b) ethical and 
security considerations (e.g., bias, privacy violations, and accountability), and (c) organizational and 
human barriers (e.g., resistance to change and the need for skill development). 

Conclusion: Generative AI serves as a transformative technology with the potential to redefine 
organizational knowledge management ecosystems. However, its success requires adapting an 
integrated approach that simultaneously addresses technical, human, and organizational dimensions. 
The proposed framework from this research can act as a roadmap for researchers and managers to 
implement this technology responsibly and effectively. 

Value: This study contributes to the literature by offering a comprehensive synthesis of generative 
AI's role in knowledge management and presenting an integrated framework that bridges technical 
capabilities with organizational readiness. It provides actionable insights for practitioners and a 
foundational reference for future empirical research in this emerging field. 
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Extended Abstract 
Introduction: In the present era, characterized by the transition from a 

resource-based economy to a knowledge-based economy, intellectual capital and 

organizational knowledge are considered the most vital strategic assets and the 

primary source of value creation, innovation, and sustainable competitive advantage 

(Nonaka & Takeuchi, 1995). In this new paradigm, value creation stems not from the 

ownership of physical assets, but from the ability to produce, acquire, share, and 

effectively apply knowledge. However, contemporary organizations face 

unprecedented and growing challenges in managing this critical asset. On one hand, 

the increasing complexity of business environments driven by globalization, rapid 

technological change, and market volatility; and on the other hand, information chaos 

and the massive volume of structured and unstructured data, have placed traditional 

and linear knowledge management models under unprecedented pressure, revealing 

their inherent inefficiency (Davenport & Prusak, 1998). These challenges have led to 

the creation of "knowledge silos," where knowledge remains trapped in different 

departments, knowledge obsolescence rates have increased, and strategic decisions 

are often made without optimal access to correct and timely knowledge. In this 

complex and challenging landscape, the emergence of generative artificial 

intelligence (AI) as a flourishing and revolutionary paradigm in technology promises 

a fundamental and radical transformation in knowledge management (Kaplan & 

Haenlein, 2019). This advanced technology, based on large language models (LLMs) 

and advanced architectures such as transformers, is not merely an analytical tool but 

an "intelligent collaborator" with remarkable capabilities such as generating coherent 

and context-aware text, interpreting and analyzing multimedia data (text, image, 

audio, and video), simulating complex reasoning, extracting insights from big data, 

and facilitating natural and human-like interactions. It has the potential to not only 

exponentially increase the efficiency and accuracy of knowledge processes but also 

fundamentally transform their nature, dynamics, and ecology (Brynjolfsson & 

McAfee, 2017). 

 

Purpose: This study aimed to systematically review the role of generative AI 

in transforming organizational knowledge management and to propose an integrated 

framework based on an analysis of published literature. Although existing literature 

includes scattered, case-based, and predominantly empirical studies examining 

specific and partial applications of AI in limited domains such as information 

retrieval, text summarization, or the development of question-and-answer chatbots, 

there is a clear absence of a comprehensive, integrated, and systematic theoretical 

framework that provides a holistic, structured, and in-depth analysis of the role of 

generative AI across all levels (individual, group, organizational); dimensions 

(technical, human, organizational); and organizational knowledge management 

processes (from creation and acquisition to storage, sharing, and exploitation). This 

deep knowledge gap is a fundamental obstacle to understanding the full potential of 

this transformative technology, identifying its ethical and operational risks and 

challenges, and ultimately, its practical and strategic exploitation in real 

organizational contexts. Therefore, in light of these research gaps, the present study 

seeks to answer the following questions: 



    

1. How can generative AI transform various processes of the organizational 

knowledge management cycle? 

2. What are the opportunities, challenges, and key requirements for its successful 

establishment? 

3. What integrated framework can be proposed for the integration of this 

technology into the organizational knowledge management system? 

 

Method: This study employed a systematic review with qualitative content 

analysis using the PRISMA protocol. A systematic search was conducted in Scopus, 

Web of Science, IEEE Xplore, ScienceDirect, and PubMed from January 2018 to 

March 2024. From 257 initially identified studies, 72 were included in the final 

analysis after screening. The inclusion criteria were: articles published in reputable 

databases; studies related to generative AI and knowledge management; and articles 

in English. The exclusion criteria were: articles unrelated to the research topic; studies 

with low methodological quality; and duplicate publications. Qualitative content 

analysis with thematic coding based on Braun and Clarke (2006) was conducted in 

three stages: open, axial, and selective coding. Thematic analysis is a method for 

identifying, analyzing, and reporting meaningful patterns (themes) within qualitative 

data. In total, the data analysis led to the identification of 4 main themes, 12 sub-

themes, and 16 comprehensive categories, which were presented in an integrated 

framework. 

 

Findings: Analysis identified 4 main themes, 12 sub-themes, and 16 

comprehensive categories presented in an integrated framework. 

Theme 1: Transformative Mechanisms (Opportunities) 
Generative AI can transform knowledge management through four main 

mechanisms: 

1. Automatic Knowledge Generation: Generating reports, documentation, 

summaries, and new ideas. Models like GPT-4 and LLaMA demonstrate high 

capability in summarizing complex documents and generating analytical reports 

(Zhao & Zhang, 2024). 

2. Intelligent Knowledge Sharing: Breaking silos through intelligent platforms, 

automatic matching, and targeted distribution. AI acts as an integrated assistant in 

platforms like Microsoft 365 and Google Workspace (IBM, 2023). 

3. Tacit Knowledge Extraction: Extracting knowledge latent in experts' minds 

through analyzing conversations and interactions using counterfactual inference 

techniques (Wang et al., 2024). This mechanism directly addresses the challenge of 

converting tacit knowledge to explicit knowledge (Nonaka & Takeuchi, 1995). 

4. Personalization: Providing personalized training and creating dedicated 

knowledge feeds. 

Theme 2: Challenges 
The most significant identified challenges fell into three categories: 

 Technical and Validation Issues: Hallucination, verification difficulty, low 

accuracy, and the black-box problem (Ji et al., 2023; Alkaissi & McFarlane, 2023). 

 Ethical and Security Considerations: Bias, privacy violations, intellectual 

property issues, and accountability (Dwivedi et al., 2023). 

 Organizational and Human Barriers: Displacement fear, skill shortage, 

resistance to change, and lack of trust in AI outputs (Wilson & Daugherty, 2018). 
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 Technical and Infrastructural Complexities: High implementation costs, 

processing needs, integration with legacy systems, and lifecycle management. 

Theme 3: Key Requirements 
 Technical and Data Infrastructure: Rich databases, data quality and 

integrity, cloud infrastructure. 

 Organizational and Leadership Capabilities: Trust culture, knowledge 

sharing culture, supportive leadership, clear strategy for AI integration. 

 Governance and Ethical Frameworks: Responsible use policies, 

transparency, oversight committees. 

 Skill Development and Human Empowerment: Training, retraining, 

upskilling, and promoting human-AI collaboration. 

Theme 4: Strategic Implications 
 Organizational Performance: Productivity, cost reduction, acceleration, 

improved decision quality (30-40% efficiency improvement). 

 Innovation: Idea creation, R&D improvement, increased innovation, reduced 

development time. 

 Business Model: New knowledge-based revenue streams, value-added 

services. 

 Nature of Work: Liberation from repetitive tasks, focus on creativity, 

strategic thinking, and empathy. 

Integrated Framework (IKM-GAI) 
The Integrated Knowledge Management–Generative AI (IKM-GAI) framework 

is based on a systemic and dynamic approach inspired by knowledge management 

theories (Nonaka & Takeuchi, 1995) and integrated technology-organization-human 

frameworks (Davenport & Ronanki, 2018). The framework comprises four main 

components: 

1. Central Core (Generative AI): Transformation engine providing generation, 

extraction, and personalization capabilities. 

2. Transformative Mechanisms: How transformation occurs—automatic 

generation, intelligent sharing, tacit extraction, personalization. 

3. Fundamental Requirements: Necessary substrate—technical infrastructure, 

organizational capabilities, governance, skills. 

4. Moderating Challenges: Barriers—technical, ethical, organizational 

obstacles. 

Framework Innovation: 
1. Integrated/Holistic Approach: Simultaneous integration of technical, 

human, and organizational dimensions with attention to dynamic interactions. 

2. Moderating Role of Challenges: Challenges are moderating factors 

manageable by strengthening related requirements. 

3. Flexibility/Adaptability: Customizable for different sizes, industries, and 

digital maturity levels. 

 

Conclusion: The findings align with macro perspectives in the literature. Jarrahi 

et al. (2023) confirm that AI pushes knowledge management from supporting routine 

tasks toward empowering dynamic, real-time knowledge flows. This study goes 

beyond previous research by identifying "tacit knowledge extraction" through 

counterfactual inference in LLMs (Wang et al., 2024). Evidence on technical and 

validity challenges, particularly "hallucination" and the "black box" problem, aligns 

with serious warnings in the literature (Ji et al., 2023; Alkaissi & McFarlane, 2023). 



    

"Organizational and human resistance" reflects concerns about over-reliance on 

automation and user alienation (Wilson & Daugherty, 2018). 

The IKM-GAI framework fills existing gaps by providing integrated analysis of 

all knowledge cycle stages, a step-by-step implementation roadmap, customization 

based on organizational characteristics, and emphasis on governance and ethical 

frameworks. Generative AI serves as a transformative technology with the potential 

to redefine organizational knowledge management ecosystems. However, its success 

requires adopting an integrated approach that simultaneously addresses technical, 

human, and organizational dimensions. The proposed framework from this research 

can act as a roadmap for researchers and managers to implement this technology 

responsibly and effectively. 

The limitations of the present study include its focus on English-language 

articles and a specific time frame (2018–2024). Suggestions for future research 

include: 

 Empirically testing the proposed framework in various organizations; 

 Studying the impact of organizational characteristics on implementation 

success; 

 Developing a practical guide for the step-by-step implementation of generative 

AI in knowledge management. 

In conclusion, generative AI is on the verge of creating a paradigm shift in 

organizational knowledge management. Success requires understanding that 

technology is only part of the equation; realizing the full transformative potential 

requires creating an appropriate organizational ecosystem where technology, humans, 

and processes operate in complete harmony. The IKM-GAI framework can serve as a 

strategic roadmap for realizing this vision. 

 

Value: This study contributes to the literature by offering a comprehensive 

synthesis of generative AI's role in knowledge management and presenting an 

integrated framework that bridges technical capabilities with organizational readiness. 

It provides actionable insights for practitioners and a foundational reference for future 

empirical research in this emerging field. The IKM-GAI framework presented in this 

study can serve as a basis for formulating organizational strategies, transformation 

plans, and empowerment programs, paving the way toward intelligent knowledge-

based organizations. 

 

Keywords: Generative Artificial Intelligence, Organizational Knowledge 
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